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Resource Prediction Challenges Runtime and 10 Prediction Workflow for |O-Aware Scheduling

® Next generation HPC schedulers rely on information about job resource
Job Script
#!/bin/bash
#PBS -q pbatch

usage to improve machine utilization [1]
® Analysis of job scripts via machine learning models can be used to improve
knowledge of resource usage for HPC jobs [2]

1. Users submit jobs to the scheduler
2. User-submitted job scripts are mapped

Accurate Resource Usage Knowledge = Better Scheduling Entire job | #78 -L nodes-g - to an image-like representation
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srun -n 64 ./GEOS —i Prop_bx_2a. xml a queue

System 10 Prediction
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srun -n 64 ./GEOS -i Prop_bx.xm1
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